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New Algorithm of Fuzzy Support Vector Machine for
Classification with Outliers
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Information Science, Shandong University of Technology, Zibo 255049, China)

Abstract: A fuzzy support vector machine learning approach, namely yv-FSVM is presented to
eliminate classification noise. And the fuzzy relations among the training data points are also crea-
ted with an infinite continue differentiable function, which enables to automatically assign the
fuzzy relationships to the training data points, and assign small fuzzy relationships to the points
with noises or outliers. Comparing with the traditional v-support vector machine, the experimen-

tal results on benchmark datasets show that the presented approach reduces the outlier effects to

improve the classification performance.
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